Polyffusion: A Diffusion Model for Polyphonic Score Generation with
Internal and External Controls
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FUTURE WORK

External Control: controls by external signals e Performance features: velocity, and nuanced timing.

* A conditioning module is added. The external condition is e Multi-track extension.

encoded and mapped to the cross-attention layers in the
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model.

* The Classifier-free Guidance (CFG) technique is applied to
https://github.com/aikamlj/polyffusion
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control the variance of the generation.



https://polyffusion.github.io
https://github.com/aik2mlj/polyffusion

